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Abstract
This study investigates the performance of simulated precipitation and estimates future changes in precipitation in CORDEXEast Asia Phase I. In the Historical experiment (1981–2005), a global climate model used as a lateral boundary condition does not
realistically simulate the timing and intensity of the East Asian summer monsoon. Hence, it overestimates precipitation over East
Asia. Generally, the results of the regional climate models also show similar bias characteristics to that of the large-scale forcing
data. The individual biases of the regional climate model vary according to a model configuration, such as physical parameterization schemes. However, when bias correction is applied to data, the spatial variability and spatial correlation of the long-term
mean precipitation become similar to the observations, and the annual cycle of precipitation is much improved. The two future
experiments in the mid-twenty-first century period (2025–2049), show that mean and extreme precipitation amounts increase
over the Korean Peninsula and northern China compared to the frequency of wet days. The increment of the low-level water
vapor in all seasons can be attributed to the increased precipitation amounts; moreover, the East Asian summer monsoon is
enhanced in mid-latitudes and lasts longer in summer owing to the strengthened western North Pacific Subtropical High. The
increasing southerly wind from the East Asian summer monsoon over eastern China and the Korean Peninsula results in
favorable conditions for the increase in precipitation.
Keywords CORDEX-East Asia . HadGEM2-AO . Multi-RCMs . East Asian summer monsoon . Bias correction
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Producing accurate climate change scenarios is essential for
coping with weather-related natural disasters that have become more intense and frequent in recent years (Stocker
et al. 2014). Global climate models (GCMs) have been
widely used to estimate future climate change information.
However, it is difficult for GCMs to represent the efficacy
of local-to-regional-scale forcing such as land surface characteristics and complex topography owing to limitations in
the details of climate information directly from GCMs with
coarse resolution (Im et al. 2017). Regional climate models
(RCMs) have been used to provide detailed climate information to compensate for the limitations of GCMs. RCMs
have been able to resolve small-scale atmospheric circulations embedded within the large-scale ones simulated by
GCMs since the late 1980s (Giorgi and Mearns 1999;
Wang et al. 2004; Prudhomme et al. 2012; Lee and Hong
2014; Lee et al. 2017; Mezghani et al. 2017). Moreover,
considerable efforts have been made to further the
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methodological and technical developments, and evergrowing computational resources have facilitated multidecadal simulations.
Since the late 1990s, several Model Inter-comparison
Projects (MIP) for RCMs have been conducted to estimate
the status of regional climate simulation and provide scenarios
regarding regional climate. These projects include the
Regional Model Inter-comparison Project (RMIP) over Asia
(Fu et al. 2005), the Modeling European Regional Climate
Understanding and Reducing Errors (MERCURE) project
over Europe (Christensen et al. 1997), the Project to Intercompare Regional Climate Simulation (PIRCS) over the
United States (Takle et al. 1999), the International Research
Institute/Applied Research Centers (IRI/ARCs) regional model inter-comparisons over South America (Roads et al. 2003),
and the Arctic Regional Climate Model Inter-comparisons
(ARCMIP) over the Arctic (Curry and Lynch 2002). During
the 2000s, PRUDENCE (Christensen et al. 2007), and
ENSEMBLES (van der Linden and Mitchell 2009) constituted significant milestones in the application of regional climate
scenarios as well as for regional model development
(Kotlarski et al. 2014). Within the framework of the
Coordinated Regional Climate Downscaling Experiment
(CORDEX) initiative, the next generation of regional climate
projections is already underway (Giorgi et al. 2009). The
CORDEX was established through sponsorship by the
World Climate Research Programme (WCRP) to produce a
quality-controlled dataset of climate change information generated by RCMs. CORDEX has a standard setting for the
continent-scale domain of interest to facilitate inter-model
comparison (Zou et al. 2016). The experiment has been conducted actively over 14 regions.
East Asia has a complex topography, coastline, and atmospheric phenomena at various scales (Cha and Lee 2009; Cha
et al. 2011; Hong and Kanamitsu 2014). Also, East Asia is
under the influence of the East Asian summer monsoon
(EASM), which covers eastern China, the Korean Peninsula,
Japan, and the adjacent marginal seas. Primarily, the EASM
forms the quasi-stationary front around the northern boundary
of the Western North Pacific Subtropical High (WNPSH),
which is a significant factor causing high precipitation over
the East Asian region during summer. Moreover, East Asia is
regarded as being highly vulnerable to natural hazards because
of the increase in climate extremes under global climate
change and the large population (Stocker et al. 2014). For
these reasons, several researchers have been interested in generating regional climate change scenarios over East Asia.
During the early 2000s, the RMIP for Asia was established
to investigate the performance of RCMs over East Asia. Nine
models, including one global variable resolution model and
eight limited-area models from five countries, contributed to
the RMIP (Fu et al. 2005). After that, CORDEX-East Asia
was founded as a descendant of the RMIP by the Korea
Korean Meteorological Society

Meteorological Administration (KMA). Many research activities on climate related information over East Asia have been
conducted using RCMs produced by CORDEX-East Asia
Phase I. In Park et al. (2013), RegCM4 adequately simulated
the temporal variation in precipitation and its spatial
distribution over the East Asian region. Lee et al. (2014) demonstrated that increasing temperature over East Asia is distinctly coupled with intensified monsoonal precipitation. In
Jin et al. (2016), RCMs from CORDEX-East Asia reasonably
capture the observed inter-annual variability and climatological spatial distribution of tropical cyclone activity over the
East Asian region.
Climate change scenarios generated by RCMs also include
errors (Giorgi and Mearns 1999; Hall 2014). These errors not
only increase uncertainties reducing the reliability of future
climate change scenarios, but also negatively influence the
credibility of the results for other impact studies using the
scenarios (Noguer et al. 1998). Some previous studies have
suggested that statistically corrected model data can increase
the usability of model outputs more than using the raw model
outputs (Veijalainen et al. 2010; Dosio and Paruolo 2011;
Hanel and Buishand 2011; Monhart et al. 2018;
Pontoppidan et al. 2018). These early studies widely used bias
correction methods to reduce the impacts of systematic model
errors on climate change impact assessments. Ngai et al.
(2017) showed that Quantile Mapping reduced the uncertainties in simulated precipitation and temperature. SzabóTakács et al. (2019) investigated the impacts of several bias
correction methods on climate simulation for Europe and confirmed that climate classification was effectively corrected by
bias correction. The effects of bias correction on the precipitation trend over China were also assessed by Ding et al.
(2007). As yet, no research has been conducted to estimate
future changes in bias-corrected precipitation data in
CORDEX-East Asia Phase I.
This study aims to evaluate the performance of simulated
precipitation in CORDEX-East Asia Phase I and to estimate
the climate change impacts on precipitation based on the biascorrected CORDEX-East Asia Phase I data. This paper is
organized in the following manner: the CORDEX-East Asia
Phase I dataset, the observational reference data, and experiments are introduced in Section 2. Section 3 presents the evaluation results for the present period and analysis of future
climate change scenarios. Finally, the summary and conclusions are given in Section 4.

2 Data and Experiments
This study utilizes the daily precipitation data from five RCMs
participating in the CORDEX-East Asia Phase I experiment
including Hadley Centre Global Environmental Model version 3 Regional Climate Model (HadGEM3-RA), the
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Institution (abbreviation)

Table 1

Regional Climate Model (RegCM), the Seoul National
University Regional Climate Model (SNURCM), the
Weather Research and Forecasting model (WRF), and the
Global/Regional Integrated Model system (GRIMs) (Suh
et al. 2012). The configurations of the five RCMs vary in
combinations of physical parameterizations, vertical coordination, and dynamic framework. The configurations of RCMs
are shown in Table 1, where the listed reference describes the
more detailed model setup. Concerning model dynamics,
HadGEM3-RA, SNURCM, and WRF are based on a nonhydrostatic dynamical core while the others (RegCM and
GRIMs) are hydrostatic models. Note that all RCMs except
HadGEM3-RA applied spectral nudging to improve the largescale waves (Cha and Lee 2009). The output from the
Historical and Representative Concentration Pathway (RCP)
scenarios (4.5, and 8.5) runs using the Hadley Centre Global
Environmental Model version 2-Atmosphere and Ocean
(HadGEM2-AO), simulated by the KMA, are employed as
the large-scale forcing data for all RCM simulations (Baek
et al. 2013). HadGEM2-AO is composed of an atmospheric
model with a horizontal resolution of 1.875° × 1.25° and 38
vertical levels, the top level of which is at approximately
40 km; other components include an ocean model with a 1°
horizontal resolution and 40 vertical levels (Martin et al.
2011). A historical run is a simulation of the recent past,
which imposes changing conditions including atmospheric composition and solar forcing consistent with the observations. RCP4.5 is a scenario that stabilizes radiative
forcing at 4.5 W·m- 2 in the year 2100 without ever exceeding that value (Thomson et al. 2011). RCP8.5 combines relative slow income growth, high populated assumptions with modest rates of technological change
and energy intensity improvements, leading to longterm high energy demand and greenhouse gas emissions
in the absence of climate change policies (Riahi et al.
2011). The model domain covers 15°S-55°N and 75°E160°E, including East Asia, part of Southeast Asia, and
eastern India (Fig. 1).
The analysis period is 25 years for both Historical (1981–
2005) and RCP (2025–2049) experiments. The analysis domain covers 100°-150°E and 20°-50°N, focusing on the East
Asian region (dashed line in Fig. 1) with a horizontal resolution of 0.44° (approximately 50 km). In this study, six subregions affected by the EASM are defined for additional analysis over East Asia. The sub-regions are northern China (NC),
central China (CC), southern China (SC), northeastern China
(NEC), the Korean Peninsula (KO), and Japan (JP).
Asian Precipitation-Highly-Resolved Observation Data
Integration Towards Evaluation of the Water Resources
(APHRODITE) data are used as reference data for the model
evaluation and bias correction for land area. Global
Precipitation Climatology Project (GPCP) data with 2.5° resolution are used as reference data for model evaluation over

Configurations of the RCMs (Lee et al. 2004; Davies et al. 2005; Giorgi et al. 2012; Hong et al. 2013; Powers et al. 2017)
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Fig. 1 Topography (m) in the
model domain of CORDEX-East
Asia Phase I. The analysis regions
including the six sub-regions are
demarcated by the dashed lines in
red

the ocean. ERA-Interim, the reanalysis data, with 0.7° resolution, are also used as reference data for atmospheric wind and
moisture analysis. The model gridded data are converted to
the APHRODITE grid with 0.5° resolution using a bilinear
interpolation method to compare model results with observations. The multi-model ensemble (MME) average is calculated using the unweighted averaging method.
The power transformation method (Teutschbein and
Seibert 2012) is applied to the daily precipitation produced
by five RCMs. Power transformation matches the coefficient
of variation (CV) of model precipitation with the CV of the
observed precipitation for each month by non-linear corrections in an exponential form. In this study, the parameter am is
obtained every month using a 3-month window centered on
the target month using a root-finding algorithm based on the
bisection method that applies to any continuous functions for
which one knows two values with opposite signs (Corliss
1977). Assume that am does not change even for future conditions. Thereafter, the monthly climatology of the observed
precipitation is matched with the monthly climatology of the
*
intermediary series (P*1
contr ; P scen ) as follows;


m
ðd Þ
Find am such that 0 ¼ CV m ðPobs ðd ÞÞ−CV m Pbcontr


m
σm Pacontr
ðd Þ


¼
ð1Þ
m
ðd Þ
μm Pacontr
am
P*1
contr ðd Þ ¼ P contr ðd Þ
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ð2Þ

am
P*1
scen ðd Þ ¼ Pscen ðd Þ
"

#

μm ðPobs ðd ÞÞ


μm P*1
contr ðd Þ
"
#
μm ðPobs ðd ÞÞ
*
*1


Pscen ðd Þ ¼ Pscen 
μm P*1
contr ðd Þ

P*contr ðd Þ ¼ P*1
contr 

Table 2

ð3Þ
ð4Þ
ð5Þ

Definitions of symbols and sub−/superscripts used in the text

Symbols
a

Parameter

CV
(d)
μ
P
σ
Sub−/superscripts
*
*1
contr
m
obs
scen

Coefficient of variation
Daily
Mean
precipitation
Standard deviation
Final bias-corrected
Bias-corrected in an intermediate step
RCM-simulated in Historical experiment
Within monthly interval
Observed
RCM-simulated in RCP experiments
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Fig. 2 25 -year (1981–2005) mean precipitation (mm·day−1) of (a) APHRODITE and biases in Historical experiment from (b) the large-scale forcing
data, (c-g) each RCM, and (h) MME. Numbers in the upper right corners indicate area-averaged values
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Descriptions of each symbol and sub/superscripts are given
in Table 2. Bias correction is not applied over the ocean owing
to the lack of high-resolution daily observation.

3 Results
3.1 Evaluation of the Historical Experiment
Before the estimation of future changes in precipitation using
RCMs, the evaluation for the reliability of RCMs is essential
by investigating the model performance for the present climate; hence, this chapter presents these results. Spatial distributions of the 25-year mean precipitation bias from the largescale forcing GCM, the five individual RCMs, and MME are
shown in Fig. 2. The observed precipitation is characterized
by a prominent rainband related to the EASM, which extends
along the South China Sea, southern China, the Korean
Peninsula, and Japan (Fig. 2a). Each RCM tends to overestimate precipitation in the monsoon rainband around the South
China Sea and the East China Sea. Moreover, all RCMs overestimate precipitation over most parts of the western North
Pacific. The spatial pattern of precipitation bias over the ocean
from each RCM is similar to that from the large-scale forcing
GCM, which can be interpreted as the RCM’s systematic bias
that can be affected by the forcing data. Thus, RCMs overestimate precipitation over the EASM region and the western
North Pacific because of the systematic error in the large-scale
forcing, which is consistent with the results of Huang and Gao
(2018). However, the individual differences of biases between
RCMs exist depending on the model configuration such as
dynamic cores and physical parameterization schemes.
Compared to the forcing data, HadGEM3-RA, RegCM, and
SNURCM have smaller biases over land, while other RCMs
have more substantial biases, particularly over the ocean and
southern China. The result of MME is similar to that of each
RCM in terms of spatial pattern; however, the maximum bias
of MME, which is offset through the ensemble process, is
smaller than that of each RCM.
A more quantitative view of the agreement between each
model and observation dataset for 25-year mean precipitation
can be obtained from Taylor diagrams (Fig. 3), which show
the spatial correlation and the normalized standard deviation.
In the case of land, there is a large spread in the standard
deviation between models before the bias correction step,
while the spread in the spatial correlation is relatively small.
In particular, GRIMs has the standard deviation more than
twice as large as that of the observations. MME has a slightly
higher spatial correlation than all RCMs, which is consistent
with the results in Wu et al. (2015), but the standard deviation
of MME is at the average level of the other models. Standard
deviations of WRF, GRIMs, and MME are much more
overestimated than those of the large-scale forcing GCM,
Korean Meteorological Society

which is related to the larger biases over land compared to
the forcing data in Fig. 2. However, the bias correction yields
almost identical standardized deviation and spatial correlation
to the observed data. Thus, the bias correction can improve the
spatial variance and the correlation of long-term mean precipitation. In the case of the ocean, the spatial correlations of all
models are lower than those over land. HadGEM2-AO, which
is the only coupled ocean-atmosphere model in this study, has
the highest spatial correlation. On the other hand, RCMs,
which prescribe sea surface temperature data from the large-

Fig. 3 Taylor diagram of 25-year (1981–2005) mean precipitation in
Historical experiment for (a) land and (b) the ocean from the largescale forcing data, each RCM, and MME. Radial and angular coordinates
indicate the magnitude of normalized standard deviation and spatial correlation, respectively. The radial distance from the origin is proportional
to the normalized standard deviation of the pattern. Each field is normalized by the corresponding standard deviation of the APHRODITE dataset
to be shown. In the legend, “_BC,” and “_ORG” indicate bias-corrected,
and non-bias corrected precipitation, respectively
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scale forcing data, have relatively low correlations. Contrary
to HadGEM2-AO, RCMs are not coupled to the ocean model
therefore, reasonable simulation of precipitation over the
ocean might be difficult because of the lack of air-sea interactions (Cha et al. 2011; Zhou et al. 2015).
Figure 4 shows the annual cycle of precipitation over the
six sub-regions affected by the EASM. A 21-day moving averaging is performed to remove the sub-seasonal signal.
Observed precipitation peaks appear during summer in order
of SC, CC, JP, KO, and NEC, which is consistent with the
EASM onset timing in Wang and LinHo (2002). Moreover,
the amounts of precipitation over NC and NEC, which are
relatively less affected by the EASM, are less than those over
the other regions. However, certain biases exist between
MME and observations in the annual cycle of precipitation.
Precipitation over SC, CC, and JP, where the onset of the
EASM is earlier than that over the other sub-regions, is
overestimated during the entire period. Especially over SC,
summer precipitation is overestimated by approximately
50%. The spreads between models in summertime annual
cycle precipitation in SC, CC, and JP, where the main monsoon-band passes directly are wider (Fig. 2), than those over
the other sub-regions, indicating that each RCM simulates the
intensity of the EASM differently. Besides, MME simulates

precipitation peaks over SC, CC, and JP later than the peaks
noted for the observed data, while the peaks over NEC and
KO are simulated earlier than the observed. Also, the results of the annual cycle of bias-corrected precipitation are
shown in Fig. 4. In conjunction with the long-term mean
precipitation (Fig.3), the amount, as well as timing of
annual cycle precipitation over each region except for JP,
is corrected similarly to the observations. Furthermore,
spreads between RCMs decrease noticeably during the entire season. Therefore, the bias correction can reduce the
model spread regarding future changes in precipitation.
To examine the relationship between precipitation bias and
model performance for the EASM, the time-latitudinal
Hovmöller diagram of the 25-year mean low-level meridional
wind from May to August is presented in Fig. 5, which shows
the intensity and evolution of the EASM. As per the results of
ERA-Interim, for 2 m·s−1 lines, attention is paid to the one
peak regime above 25°N from mid-May that reaches its maximum in late-July followed by a retreating phase up to midAugust. Southerly wind over 4 m·s−1 is the strongest at 20°30°N in June. However, the results of HadGEM2-AO (i.e.,
large-scale forcing data) demonstrate that the southerly wind
below 30°N is overestimated. Also, the retreat phase begins
approximately 15 days earlier than that of ERA-Interim and

Fig. 4 Annual cycle of areaaveraged precipitation
(mm·day−1) with and without bias
correction over six sub-regions of
MME (green solid/pink solid) and
APHRODITE (black solid) in the
Historical experiment. Green
(pink) areas represent model
spread of non-bias corrected
(bias-corrected) precipitation between RCMs
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proceeds very rapidly. Each RCM and MME have a similar
bias feature to the large-scale forcing data. In particular,
GRIMs tends to exaggerate southerly wind below 30°N, and
RegCM and SNURCM cannot capture the northward march of
southerly wind up to 40°N. The low-level meridional wind
errors are related to precipitation errors in Fig. 2, implying that
precipitation biases over East Asia are affected by the biases of
Fig. 5 Hovmöller diagram (timelatitude) of zonally (110° to
140°E) averaged daily meridional
wind (m·s−1) at 850 hPa from
ERA-Interim, large-scale forcing
data, each RCM and MME in the
Historical experiment (1981–
2005). The bold solid and dashed
line represents 2, 4 m·s−1,
respectively

Korean Meteorological Society

the EASM. Exaggerated low-level meridional wind below
30°N is associated with the overestimation of precipitation over
SC and CC, and the rapid retreat phase of the EASM is related
to the early peak phase of precipitation over KO and NEC in
Fig. 4. This result elucidates that the model performance to
simulate the EASM’s timing and intensity must be ensured
for reasonable simulation of precipitation over East Asia.

Evaluation and Projection of Regional Climate over East Asia in CORDEX-East Asia Phase I Experiment

3.2 Projection of the Two RCP Experiments
In this section, we analyze future changes in bias-corrected
precipitation between two RCP and historical experiments.
Figure 6 shows the rate of precipitation change from MME
between the future (2025–2049) and present (1981–2005) periods. Here, a ‘wet day’ is defined as a day when the precipitation amount is more than 1 mm·day−1. Annual mean precipitation increases over most regions, especially over northern China and the Korean Peninsula in both experiments.
However, annual mean precipitation decreases over southern
and western China in the RCP4.5 experiment. Annual maximum precipitation also increases over most analysis domain
in both RCP scenarios. Increasing trends in future mean and
extreme precipitation amounts are consistent with those reported by Kim et al. (2018). In both scenarios, extreme precipitation increases more prominently over most areas

compared to mean precipitation. Area-averaged changes in
extreme precipitation are much greater than those in mean
precipitation. The ratio of changes in area-averaged mean precipitation compared to those in extreme precipitation is approximately 40% (60%) in the RCP4.5 (RCP8.5) experiment.
In contrast to mean and maximum precipitation, changes in
annual wetday frequency are not substantial. In the RCP4.5
experiment, the decreasing pattern of annual wetday frequency is dominant, especially over southern China, western
China, and northeastern China. In the RCP8.5 experiment,
there are also few regions where annual wetday frequency
significantly increases. Overall, both mean and extreme precipitation amounts increase compared to wetday frequency
regardless of future scenarios, resulting in a greater risk
of disasters related to precipitation.
A time-series graph of annual mean precipitation from
MME for 69 years (1981–2049) in the selected six sub-

Fig. 6 Rates of changes (%) in (a,
b) annual mean daily
precipitation amount, (c, d)
annual maximum daily
precipitation amount, and (e, f)
annual wetday frequency from
MME between the future (2025–
2049) and present (1981–2005)
periods. Black dot presents the
region that passes the 90%
significance t-test. Numbers in the
upper right corners indicate areaaveraged values
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regions is presented (Fig. 7) to analyze the long-term trend of
precipitation over East Asia. Under both RCP scenarios,
changes in interannual variability (standard deviation) of precipitation over six sub-regions are not significant. However, in
all experiments, precipitation over all regions tends to increase
gradually. The Mann-Kendall trend test is passed over all regions under the RCP8.5 scenario, while it is only passed over
NC, CC, and KO under the RCP4.5 scenario. This implies that
annual mean precipitation over NEC, SC, and JP does not
have a monotonic increasing trend under the RCP4.5 scenario. The RCP8.5 experiment shows a more prominent
increasing trend of precipitation over sub-regions except
for NC compared with the RCP4.5 experiment.
Figure 8 shows the annual cycle of precipitation in the two
RCP experiments; summer precipitation increases in all regions compared to the Historical experiment. In particular,
under the two future scenarios, precipitation over KO and
NC considerably increases from July to August. This increment is consistent with the results of changes in mean and
extreme precipitation in Fig. 6. Moreover, increasing precipitation in late summer over KO, SC, and JP can be associated
with the enhanced typhoon activity in the mid-latitudes (Lee
et al. 2019). In summer, precipitation amounts over NC, KO,
and CC are much higher in the RCP4.5 experiment than the

RCP8.5 experiment. The reason will be addressed later in
Fig. 9. Besides, springtime precipitation over SC, CC, and
NC tends to increase in the RCP8.5 experiment, while that
over SC in the RCP4.5 experiment does not change significantly due to the large spread between RCMs. Precipitation
over JP during fall increases in both RCP experiments despite
large uncertainties. No significant changes in winter precipitation are shown over all sub-regions.
Seasonal changes in the atmospheric field are analyzed to
understand the sources of change in precipitation (Fig. 9).
Increasing greenhouse gases induce atmospheric warming,
leading to higher specific humidity as determined by the
Clausius-Clapeyron relationship (Ruckstuhl et al. 2007).
Thus, the change in low-level humidity can be a thermodynamic factor of precipitation change. Overall, the MME of
RCMs projects increasing low-level humidity over most areas
every season regardless of the RCP scenarios, which is a favorable condition for increasing precipitation. The increase in
low-level moisture is more prominent in summer; it considerably increases over northern China and the Korean Peninsula,
where precipitation is significantly increased. SNURCM and
WRF project more increasing low-level moisture during summer over inland China in RCP4.5 experiment than in RCP8.5
experiment (not shown), which results in more increasing

Fig. 7 Time-series (solid) and trend line (dashed) of area-averaged precipitation (mm·day−1) over the six sub-regions from MME for 69 years
(1981–2049) in RCP4.5 (blue) and RCP8.5 (red) experiments. The black
dashed line corresponds to the APHRODITE dataset for 25 years (1981–

2005). Equations in the upper left indicate regression equations. The
asterisk mark (*) indicates that p value from the Mann-Kendall non-parametric test (Mann 1945; Mondal et al. 2012) is less than 0.05
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summertime precipitation over NC, CC, and KO with large
spares between models under RCP4.5 scenarios than under
RCP8.5 scenarios in Fig. 8. In contrast to summer, vapors in
fall and winter increase more over the ocean than over the
land. In particular, the changes in the low-level moisture over
the land are smallest in winter which corresponds to a small
change in precipitation from Fig. 8. Meanwhile, the precipitation pattern can also be changed by the large-scale circulation as the dynamic factor for precipitation change. In
summer affected by the EASM, the southwesterly wind
increases over eastern China and the Korean Peninsula
under both scenarios owing to the intensified WNPSH.
He and Zhou (2015) indicates that HadGEM2-AO, which
is used as forcing data in this study, projected an enhanced WNPSH which was dominated by the change in
the zonal sea surface temperature gradient between the
tropical Indian Ocean and the tropical western Pacific.
Thermodynamic and dynamic factors such as increasing

low-level vapor and the intensifying WNPSH lead to favorable conditions for increasing precipitation in summer.
In spring, the southwesterly wind is also intensified over
eastern China, where precipitation increases under both
scenarios. In autumn, in both RCP4.5 and RCP8.5 experiments, increasing northeasterly wind with dry air is dominant in Japan where precipitation increases, which means
that there is another important factor for increasing precipitation such as the enhanced typhoon activity in the midlatitudes (Jin et al. 2016; Lee et al. 2019). In winter, the
southerly wind increases over East Asia, but these changes
do not lead to an increase in precipitation due to the low
amount of vapor.
The time-latitudinal Hovmöller diagram of changes in
the 25-year mean meridional wind at 850 hPa from May
to August is presented in Fig. 10. In both RCP experiments, southerly winds prominently increase in July
and August. In particular, there is a significant increase

Fig. 8 The annual cycle of area-averaged precipitation (mm·day−1) over the six sub-regions of MME in Historical (green), RCP4.5 (blue), and RCP8.5
(red) experiments. Blue and red areas represent model spread between RCMs in RCP4.5 and RCP8.5 experiments, respectively
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Fig. 9 Seasonal changes in specific humidity (104 kg·kg−1, shading) and
wind (m·s−1, vector) at 850 hPa between the future (2025–2049) and
present (1981–2005) periods from MME in the RCP4.5 (left) and
RCP8.5 (right) experiments. Note that specific humidity has high inter-
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model consistency over the entire regions, and only wind vectors with
good inter-model consistency (more than 4 models having the same sign)
are plotted
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in the southerly wind within 30°-40°N where northern
China (NC) and the Korean Peninsula (KO) are located
(Fig. 1), which allows future EASM to move northward
while keeping it stronger in the mid-latitudes and
staying longer until late summer as compared to present
EASM. In other words, regardless of two RCP scenarios, the intensity and the duration of the EASM in the
retreat phase is enhanced and extended. The enhanced
EASM can be related to the intensification of the
WNPSH, as shown in Fig. 9.

3.3 Summary and Conclusions
In this study, a model simulation for the present precipitation was evaluated, and regional precipitation change
was analyzed over East Asia using the CORDEX-East
Asia Phase I dataset. For the present climate (1981–
2005), HadGEM2-AO, which is the large-scale forcing
data, tended to overestimate low-level southerly wind below 30°N associated with the EASM. The retreat phase of
the EASM simulated by HadGEM2-AO started too early
and proceeded very rapidly. Hence HadGEM2-AO
overestimated long-term mean precipitation in the monsoon rainband along the East China Sea and the South
China Sea. The spatial patterns of biases of RCMs were
similar to those of the large-scale forcing data, and detailed biases of RCMs varied according to the model setup. The RCMs overestimated precipitation over the region
below 30°N, while they underestimated precipitation
within 30–40°N regions in late summer owing to the poor
performance of GCM for the EASM. To reduce these
systematic biases, power transformation, which is one of
the bias correction methods, was applied to daily precipitation data from each RCM. Upon bias correction application, the spatial variability and spatial correlation of
long-term mean precipitation became similar to the observed data, and the annual cycle of precipitation was
greatly improved; moreover, the spreads between RCMs
were also significantly reduced.
Future changes in bias-corrected precipitation under
the two RCP scenarios were investigated. In both scenarios, mean and extreme precipitation over most regions increased together compared to the frequency of
wetday, especially in the Korean Peninsula and northern
China. In particular, the increment of extreme precipitation was greater than that of mean precipitation.
Precipitation over all sub-regions affected by the
EASM had increasing trends regardless of the RCP scenarios. The intensity and duration of annual precipitation peaks in the two RCP experiments increased over
the Korean Peninsula and northern China. The reason
for increasing precipitation could be associated with
thermodynamic and dynamic factors. Low-level water

vapor as the thermodynamic factor increased every season in the mid-twenty-first century, and the enhanced
WNPSH as the dynamic factor during summer resulted
in the EASM being reinforced within 30–40°N and
staying longer compared to the present climate. The
increase in the southerly wind related to the EASM over
eastern China and the Korean Peninsula formed favorable conditions for increasing precipitation. In the two
RCP experiments, the EASM during the retreat phase
was enhanced and extended compared to the Historical
experiment. As a result, future summertime precipitation
increased significantly over most regions, especially
northern China and the Korean Peninsula.
The results of this study imply that the large-scale
forcing data with an excellent model performance for
the EASM should be selected when simulating climate
over East Asia using RCMs. This study also shows that
post-processing using bias correction can be valid for

Fig. 10 The Hovmöller diagram (Time×Latitude) of changes in zonally
(110° to 140°E) averaged daily meridional wind (m·s−1) at 850 hPa from
MME between two RCP experiments (2025–2049) and the Historical
experiment (1981–2005)
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estimating more reliable changes in future climate.
Finally, the results of changes in precipitation over
East Asia can be used as policy basics and input data
of other application studies such as hydrology, health,
and agriculture. One limitation of the CORDEX-East
Asia Phase I dataset is that the lateral boundary conditions generated by a single GCM are deterministically
downscaled. The uncertainties regarding future climate
projections have to be reduced using an MME approach
in which global scenarios generated by multi-GCMs are
dynamically downscaled using multi-RCMs to overcome
this limitation. As the next step of the CORDEX-East
Asia Phase I, the Phase II simulations are under progress that involves dynamic downscaling of multi-GCMs
using multi-RCMs with higher resolution.
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